
SOMIK DHAR
Ô (+91) 810 769 3095 ·R somikdhar327@gmail.com ·° somikdhar327·� somikdhar729 ·® https://dharsomik.tech/

AI Systems / ML Performance Engineer with experience optimizing deep learning workloads on GPU and
embedded systems, focusing on latency, throughput, and system-level performance.

PROFESSIONAL EXPERIENCE

Computer Vision Engineer II May’26 - Present
Wobot AI Delhi, IN

• Working on optimization and deployment of deep learning inference pipelines using NVIDIA Triton Inference
Server, with focus on model performance, throughput, and latency improvements.

AI & Perception Engineer Feb’25 - April’26
NextLeap Aeronautics Bengaluru, IN

• Designed and deployed real-time vision pipelines for object detection and multi-object tracking using OpenCV and
PyTorch under strict latency constraints.

• Optimized real-time object detection and tracking modules (pipeline restructuring, frame scheduling, model execu-
tion), reducing perception-to-actuation latency by ∼30% real-time edge deployment

• Built end-to-end real-time video streaming & inference pipelines (GStreamer, RTSP/UDP) sustaining 27–28 FPS
on embedded hardware.

• Evaluated model performance under real-world conditions and iterated on model improvements to handle domain
shifts and environmental variability

RESEARCH EXPERIENCE

Graduate Assistant Jan’23 - Oct’24
Ai4CE Lab, New York University New York, NY

• Developed localization pipelines using CNN and Vision Transformer (ViT) based-architectures, analyzing the
trade-offs between attention-based feature representations and CNN embeddings.

• Built end-to-end evaluation pipelines (KD-Trees, sliding-window matching) to benchmark localization accuracy,
latency, and robustness under varying conditions

• Improved Recall@5 through feature weighting and temporal aggregation strategies, emphasizing robustness to
viewpoint and appearance changes.

PROJECTS

GPU Kernel Optimization & Workload Benchmarking

• Optimized GEMM kernel using shared-memory tiling and loop unrolling, achieving ∼4× speedup over naive
implementations and ∼40–50% of cuBLAS throughput

• Implemented fused Softmax CUDA kernel using hierarchical reductions and shared memory, achieving 2.8×
speedup over PyTorch.

• Built custom convolution kernels optimized for low-batch inference with optimized memory access, outperforming
cuDNN in latency.

• Profiled Tiny-ViT model inference and applied FP16 optimization, reducing memory usage by 50% and improving
throughput

TECHNICAL SKILLS

Programming: Python, C++; ML/ Model Optimization: PyTorch, CUDA, TensorRT, ONNX, NVIDIA Triton Infer-
ence Server; Edge & Deployment: Jetson (Xavier/Orin), Raspberry Pi, GStreamer(RTSP/UDP) Libraries/Tools:
OpenCV, Git

EDUCATION

New York University Sep’22 - May’24
MS, Electrical Engineering New York, NY
IIEST, Shibpur Jul’17 - Jun’21
B.Tech, Electrical Engineering
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